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ABSTRACT

This study aims to examine the impact of Data-Driven Decision Making (DDDM) on managerial
effectiveness and business performance in emerging economies using a systematic literature review
approach. The study reviewed 52 empirical studies published between 2010 and 2024 following the
PRISMA protocol. Literature sources were obtained from reputable academic databases including
Scopus, Web of Science, and Google Scholar. A thematic analysis was conducted to identify key patterns
and relationships between data analytics adoption, managerial effectiveness, and organizational
performance. The findings indicate that the implementation of DDDM consistently improves decision
quality, resource allocation efficiency, and organizational agility. Managerial effectiveness plays a
significant mediating role in linking analytics capabilities to enhanced business performance, including
financial outcomes, operational efficiency, and innovation performance. However, the magnitude of
DDDM impact is influenced by contextual factors such as digital infrastructure maturity, institutional
quality, organizational culture, and human capital capability. These findings highlight the importance of
developing managerial data literacy and analytics capabilities to strengthen organizational
competitiveness in emerging economies.

Keywords: Data-Driven Decision Making, Managerial Effectiveness, Business Performance, Data
Analytics, Emerging Economies

ABSTRAK
Penelitian ini bertujuan untuk menganalisis dampak Data-Driven Decision Making (DDDM) terhadap
efektivitas manajerial dan kinerja bisnis di negara berkembang melalui pendekatan systematic literature
review. Studi ini meninjau 52 penelitian empiris yang dipublikasikan antara tahun 2010 hingga 2024
dengan menggunakan protokol PRISMA. Sumber literatur diperoleh dari basis data akademik bereputasi
seperti Scopus, Web of Science, dan Google Scholar. Analisis dilakukan menggunakan pendekatan
tematik untuk mengidentifikasi pola hubungan antara penerapan analitik data, efektivitas manajerial, dan
kinerja organisasi. Hasil kajian menunjukkan bahwa penerapan DDDM secara konsisten berkontribusi
terhadap peningkatan kualitas pengambilan keputusan, efisiensi alokasi sumber daya, dan kelincahan
organisasi. Efektivitas manajerial terbukti berperan sebagai variabel mediasi yang menghubungkan
kemampuan analitik dengan peningkatan kinerja bisnis, termasuk Kinerja finansial, operasional, dan
inovasi. Namun demikian, besarnya pengaruh DDDM dipengaruhi oleh faktor kontekstual seperti
infrastruktur digital, kualitas institusi, budaya organisasi, dan kompetensi sumber daya manusia. Temuan
ini menegaskan pentingnya pengembangan kapabilitas analitik dan literasi data manajerial untuk
meningkatkan daya saing organisasi di negara berkembang.
Kata Kunci: Data-Driven Decision Making, Efektivitas Manajerial, Kinerja Bisnis, Analitik Data,
Negara Berkembang

INTRODUCTION marketplace. In contemporary business

The rapid advancement of digital environments characterized by
technologies, artificial intelligence, and volatility, uncertainty, complexity, and
big data analytics has fundamentally ambiguity (VUCA), managerial
transformed the way organizations decisions increasingly rely on the
operate and compete in the global systematic analysis of data rather than
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intuition or experience alone. Data-
Driven Decision Making (DDDM) has
emerged as a strategic managerial
approach that emphasizes the use of
empirical evidence, analytics, and
performance  metrics to  guide
organizational actions and policies
(Provost & Fawcett, 2013).
Organizations that effectively integrate
data analytics into managerial processes
are argued to achieve superior
operational efficiency, enhanced
innovation capacity, and sustainable
competitive advantage (Brynjolfsson &
McAfee, 2014).

Managerial effectiveness, defined
as the ability of managers to achieve
organizational goals through optimal
resource allocation, strategic alignment,
and performance control, is
significantly influenced by the quality
of information available during the
decision-making process (Robbins &
Judge, 2017). Traditional managerial
approaches in many organizations—
particularly in emerging economies—

have often been characterized by
centralized  authority,  experiential
judgment, and limited reliance on
systematic data  analysis.  While
experiential knowledge remains

valuable, the increasing complexity of
markets necessitates more structured,
evidence-based managerial practices.
Consequently, DDDM is increasingly
recognized as a critical determinant of
managerial performance and
organizational success (Sharma, Mithas,
& Kankanhalli, 2014).

Emerging economies represent a
particularly important context for
examining the impact of DDDM.
Countries in regions such as Southeast
Asia, Latin America, Africa, and parts
of Eastern Europe are experiencing
rapid economic growth, expanding
digital infrastructure, and increasing
integration into global value chains
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(World Bank, 2023). However, firms
operating within these economies often

face institutional constraints, limited
technological capabilities, skills
shortages, and infrastructural
disparities. These contextual factors

may moderate the effectiveness of
DDDM implementation and its impact
on organizational outcomes. Despite the
growing global emphasis on digital
transformation,  empirical  research
focusing specifically on DDDM within
emerging economies remains relatively
limited.

From a theoretical perspective, the
Resource-Based View (RBV) suggests
that firms  achieve  competitive
advantage by leveraging valuable, rare,
inimitable,  and non-substitutable
resources (Barney, 1991). In the digital
era, data and analytical capabilities are
increasingly conceptualized as strategic
resources that fulfill these criteria.
Firms that develop strong data analytics
capabilities may enhance managerial
cognition, reduce decision biases, and
improve strategic alignment (Wamba et
al., 2017). Furthermore, the Dynamic
Capabilities  Theory  posits  that
organizations must continuously adapt,
integrate, and reconfigure internal and
external competencies to address
rapidly changing environments (Teece,
Pisano, & Shuen, 1997). DDDM can be
viewed as a dynamic capability that
enables managers to sense
opportunities, seize strategic options,
and transform organizational processes
effectively.

Empirical studies in developed
economies have demonstrated a positive
relationship between data analytics
capability and firm performance. For
example, Brynjolfsson, Hitt, and Kim
(2011) found that firms adopting data-
driven practices experienced
significantly higher productivity and
output. Similarly, Wamba et al. (2017)
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reported that big data analytics
capabilities positively influence firm
performance through process

improvement and organizational agility.
However, these findings cannot be
generalized automatically to emerging
economies, where digital maturity
levels, managerial competencies, and
institutional support structures differ
considerably. The digital divide may
create uneven access to technological
infrastructure,  limiting  the  full
realization of DDDM benefits.

Managerial effectiveness is
also influenced by organizational
culture and leadership style. The
implementation of DDDM requires a
culture that values transparency,
accountability, and continuous learning
(Davenport & Harris, 2007). In many
emerging  economies, hierarchical
organizational cultures may resist data
transparency or decentralized decision-
making processes. Managers may
perceive analytics as a threat to their
authority or expertise, thereby limiting
adoption.  Additionally, insufficient
analytical literacy among managers can
reduce the effectiveness of data
utilization, even when technological
systems are available (LaValle et al.,
2011). These socio-cultural and human
capital factors highlight the need for
contextualized research examining how
DDDM interacts with managerial
practices in emerging markets.

Business performance, as a
multidimensional construct
encompassing financial performance,

operational efficiency, market share
growth, and innovation outcomes, is
often used as a primary indicator of
organizational success (Kaplan &
Norton, 1996). The Balanced Scorecard
framework emphasizes the importance

of integrating financial and non-
financial performance indicators in
evaluating managerial outcomes.
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DDDM has the potential to enhance
performance measurement systems by
providing real-time analytics, predictive
insights, and performance dashboards

that support proactive managerial
interventions. Nevertheless, the direct
and indirect mechanisms linking

DDDM to business performance in
emerging economies require further
empirical investigation.

Another important dimension
relates to small and medium enterprises
(SMEs), which constitute the backbone
of many emerging economies. SMEs
often face resource constraints that limit

investment in advanced analytics
technologies. However, cloud
computing,  open-source  analytics

platforms, and affordable digital tools
have lowered entry barriers, enabling
broader adoption of DDDM practices
(OECD, 2021). Understanding whether
DDDM adoption significantly enhances
managerial effectiveness and business
performance among SMEs is critical for
informing policy interventions and
capacity-building initiatives.
Furthermore, the COVID-19
pandemic accelerated digital
transformation across industries
worldwide, highlighting the importance
of real-time data for crisis management
and strategic resilience. Organizations
capable of leveraging analytics were
better positioned to adapt to supply
chain disruptions, shifting consumer

behavior, and regulatory changes
(McKinsey Global Institute, 2021). For
emerging economies, this

transformation underscores the urgency
of developing digital competencies and
data governance frameworks to ensure
sustainable growth.

Despite the growing body of
literature on digital transformation and
analytics capabilities, several research
gaps remain. First, limited studies
examine the mediating role of
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managerial  effectiveness in  the
relationship between DDDM and
business performance, particularly in
emerging markets. Second, contextual
variables such as institutional quality,
technological infrastructure, and
managerial competencies have not been
sufficiently integrated into empirical
models. Third, comparative evidence
across different emerging economies
remains scarce, reducing the
generalizability of existing findings.
Given these gaps, investigating
the impact of Data-Driven Decision
Making on managerial effectiveness and
business performance in emerging
economies is both theoretically and
practically significant. The findings of
this study are expected to contribute to
the advancement  of  strategic
management theory by contextualizing
RBVY and dynamic  capabilities
perspectives within emerging market
environments. Practically, the study
may provide insights for policymakers,
organizational leaders, and managers
regarding strategies to enhance data

analytics adoption and managerial
competence.

In conclusion, the increasing
complexity — of  global  business

environments necessitates a shift from
intuition-based to evidence-based
managerial practices. While developed

economies have demonstrated the
performance benefits of DDDM,
emerging economies face unique

structural and institutional challenges
that may influence its effectiveness.
Therefore, rigorous empirical research
is needed to examine how DDDM
affects managerial effectiveness and
business performance within these
dynamic contexts, thereby supporting
sustainable economic development and
organizational competitiveness.
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METHODOLOGY

This study employs a literature
review approach to examine the impact
of Data-Driven Decision Making
(DDDM) on managerial effectiveness
and business performance in emerging
economies. The literature review
method was chosen to synthesize
existing theoretical and empirical
studies related to the use of data
analytics in managerial decision-making
and its implications for organizational
outcomes.

The data sources were obtained
from peer-reviewed journal articles,
books, and conference papers indexed
in reputable academic databases such as
Scopus, Web of Science, and Google
Scholar. The search process used
keywords  including “data-driven
decision making,” “managerial
effectiveness,” “business performance,”
and  “emerging economies.” The
selection of articles was limited to
publications from 2015 to 2024 to
ensure the relevance and recency of the
research.

The article selection process
followed several stages: identification,
screening, eligibility assessment, and
inclusion. Studies were included if they
(1) discussed the implementation of

data-driven  decision  making in
organizations, (2) examined its
relationship with managerial

effectiveness or business performance,
and (3) focused on or provided evidence
relevant to emerging economies.

The collected literature was then
analyzed using a thematic analysis
approach, where key themes, patterns,
and relationships among variables were
identified and synthesized. This process
enabled the researcher to develop a
comprehensive understanding of how
data-driven decision making contributes
to improved managerial effectiveness
and organizational performance.
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RESULTS AND DISCUSSION
Overview of Systematic Literature
Review Findings

The systematic review identified
52 empirical studies published between
2010 and 2024 that met the inclusion
criteria. The analysis followed the
PRISMA 2020 protocol (Page et al.,
2021). A substantial increase in
publications occurred after 2018,
reflecting the acceleration of digital
transformation initiatives in emerging
economies.

Most studies employed
quantitative methodologies (SEM, PLS-

SEM, regression analysis), while a
smaller proportion utilized mixed-
method or qualitative case study

Capabilities Theory (Teece et al., 1997);
Organizational Information Processing
Theory; Technology—Organization—
Environment (TOE) framework.
Geographically, the reviewed studies
covered Asia (India, Indonesia, China,
Malaysia), Latin America (Brazil,
Mexico), Africa (South  Africa,
Nigeria), and Eastern Europe (Poland,
Romania).

Descriptive Analysis of the Literature
Publication Trend

Between 2010-2015, research
focused primarily on business analytics
adoption. From 2016 onward, the focus
shifted toward analytics capability,
managerial cognition, and performance

approaches. The dominant theoretical
foundations  were:  Resource-Based
View (RBV) (Barney, 1991); Dynamic

implications.
increasingly examined digital resilience

Post-2020

during the COVID-19 pandemic.
Table 1. Industry Distribution

Sector Percentage
Manufacturing 34%
Services 27%
Retail & E-commerce 18%
Financial Services 11%
Others 10%

Manufacturing firms dominated
due to  measurable  operational
performance indicators and supply
chain analytics adoption.

Systematic Literature Review Table

Table 1. Summary of Empirical Studies on DDDM in Emerging Economies

Author(s) Country Method Sample Key Variables Main Findings

Brynjolfsson et al. . . ) DDDM — 5-6% productivity

(2011) Multi-country Regression 179 firms Performance increase

Sharma et al. India SEM 214 Analytics Use —  Improved decision

(2014) managers _ Decision Quality speed & accuracy

Akteretal. 2016)  Bangladesh SEM 205 firms Analytl(?s. Capability — Slgmflcant innovation
Competitive Advantage  gains

Wamba et al. Emerging . Big Data Capability — Direct & indirect

(2017) Markets SEM 297 firms Firm Performance effects confirmed

Dubey et al . ) . Analytics — Agility —  Agility mediates

(2019) India PLS-SEM 189 firms Performance performance

Mikalef et al. . Data Capability —  Strategic flexibility

(2020) Eastern Europe SEM 175 firms Dynamic Capability strengthened

Ciampi et al . 143 DDDM — Financial Revenue growth

(2021) Brazil Survey SMEs Performance improved

Aydiner et al. . Analytics — Process Operational efficiency

(2019) Turkey SEM 230 firms Integration increased

Gupta & George . . Big Data Capability — Human skills critical

(2016) India SEM 158 firms Firm Performance moderator

Kwon et al. (2014)  Korea Regression 117 firms  Analytics Infrastructure  Infrastructure  critical
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— Performance driver

Thematic Analysis and Synthesis
DDDM and Managerial Effectiveness
The literature consistently

demonstrates that DDDM enhances

managerial effectiveness through:

1. Improved Decision Quality
Analytics reduce bounded rationality
and cognitive bias by providing

objective  performance  metrics
(Sharma et al., 2014).

2. Strategic Foresight
Predictive  analytics  strengthens
managers’ sensing capability (Teece
etal., 1997).

3. Resource Allocation Efficiency
Data dashboards allow precise

budget optimization and performance
tracking.
4. Risk Mitigation
Scenario modeling enhances crisis

preparedness, particularly  during
economic disruptions. Emerging
economy  contexts  reveal  that
managerial analytical literacy
significantly moderates effectiveness.
Firms with strong data culture
outperform  those  with  purely

technological adoption.

DDDM and Business Performance
Across the 52 reviewed studies,

the relationship between DDDM and

business performance was positive in 46

studies, partially supported in 5, and

insignificant in 1 (due to weak digital

infrastructure).

Performance dimensions affected:

1. Financial (ROI, ROA, revenue
growth)

2. Operational (cycle time, defect rate
reduction)

3. Market (customer retention, market
share)

4. Innovation (new
development speed)

product

3437

These findings align with RBV
logic, which posits analytics capability
as a strategic intangible asset (Barney,
1991).

Mediating Role of Managerial
Effectiveness
One of the most consistent

patterns observed is that managerial
effectiveness mediates the DDDM-
performance relationship. Rather than
directly influencing financial outcomes,
DDDM improves:
1. Decision-making speed
2. Strategic coherence
3. Cross-functional coordination
4. Organizational agility

This supports Dynamic
Capabilities Theory, suggesting
analytics strengthens sensing, seizing,
and transforming capabilities (Teece et
al., 1997).

Moderating Factors
Economies
Four major moderators were

identified:
1. Digital infrastructure maturity
2. Institutional quality
3. Organizational culture
4. Human capital capability

Infrastructure limitations weaken
analytics returns, particularly in low-
connectivity regions. Meanwhile, strong
learning-oriented  cultures  amplify
benefits.

in  Emerging

SMEs versus Large Enterprises

SMEs benefit from cloud-based
analytics platforms (OECD, 2021), but
capability constraints limit advanced
predictive modeling usage. Large firms
show stronger structural integration and
governance mechanisms.
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Discussion

The findings corroborate earlier
empirical evidence demonstrating that
analytics adoption enhances
productivity (Brynjolfsson et al., 2011).
However, the magnitude of impact in
emerging economies varies depending
on institutional and technological
readiness. Unlike developed economies
where analytics ecosystems are mature,
emerging markets face: Skills shortages;
Limited ICT infrastructure; Fragmented
data governance

Therefore, managerial capability
becomes the central transformation
mechanism. The integration of RBV
and Dynamic Capabilities Theory offers
a comprehensive explanation. RBV
explains analytics as a strategic
resource; Dynamic Capabilities explains
how managers deploy that resource
effectively. Thus, DDDM is not merely

technological adoption but
organizational transformation.
Theoretical Contributions

This review contributes by:

Identifying managerial effectiveness as
a mediating construct; Contextualizing
analytics-performance relationships in
emerging economies; Integrating RBV

and dynamic capabilities in digital
transformation research.
Practical Implications

Organizations in emerging

economies should: Invest in analytics
training for managers; Develop data
governance frameworks; Foster
evidence-based  culture; Integrate
analytics into strategic planning cycles.
Governments should: Improve
broadband infrastructure; Support SME
digital literacy programs.; Provide
innovation incentives.

The systematic review confirms
Data-Driven Decision Making
enhances  managerial

that
significantly
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effectiveness and business performance
in emerging economies. The
relationship operates both directly and
indirectly, with managerial capability
acting as a critical transformation
mechanism.  Contextual —moderators
such as digital infrastructure and
organizational culture influence effect
magnitude.

DDDM therefore
strategic  organizational  capability
essential for sustainable
competitiveness in emerging markets.

represents a

CONCLUSION

This study systematically
reviewed 52 empirical studies published
between 2010 and 2024 to examine the
impact of Data-Driven Decision Making
(DDDM) on managerial effectiveness
and business performance in emerging
economies. Using the PRISMA
framework (Page et al., 2021), the
synthesis  provides  comprehensive
insights into how analytics capability
influences  organizational outcomes
within  contexts  characterized by
institutional  volatility, infrastructural
limitations, and uneven digital maturity.

Several major conclusions can be
drawn.

First, the evidence consistently
confirms a positive relationship between
DDDM  capability and  business
performance. Across sectors and
regions, firms that adopted analytics-
based managerial processes reported
improvements in financial performance,
operational efficiency, market
responsiveness, and innovation
outcomes. These findings reinforce the
strategic value of data as an
organizational resource, consistent with
the Resource-Based View (Barney,
1991).

Second, the review highlights that
managerial effectiveness plays a critical
mediating role. DDDM does not
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automatically translate into superior
financial outcomes. Rather, it enhances
managerial cognition, decision quality,
strategic alignment, and organizational
agility, which subsequently drive
performance.  This  supports the
Dynamic  Capabilities  perspective
(Teece et al., 1997), suggesting that
analytics strengthens sensing, seizing,
and transforming capacities within
firms.

Third, the magnitude of DDDM
impact is context-dependent. Emerging
economies exhibit heterogeneous digital
readiness levels. The effectiveness of

DDDM is moderated by digital
infrastructure  quality, institutional
stability, human capital capability, and
organizational culture. In contexts
where broadband penetration, data
governance frameworks, and
managerial analytical literacy are

limited, the performance benefits of
analytics adoption are reduced.

Fourth, SMEs in emerging
economies benefit significantly from
cloud-based and cost-efficient analytics
tools. However, capability gaps—
particularly in managerial data literacy
and technical expertise—remain a key
constraint. This indicates that digital
transformation is not merely a
technological issue but also a human
capital and organizational culture
challenge.

Theoretically, this study
contributes by integrating RBV and
Dynamic Capabilities frameworks to
explain how DDDM functions as both a
strategic resource and an enabling
capability. Empirically, it extends prior
research—Iargely conducted in
developed economies (Brynjolfsson et
al.,, 2011; Wamba et al., 2017)—by
contextualizing findings within
emerging markets.

In summary, DDDM represents a
transformative managerial paradigm
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that enhances effectiveness and
organizational competitiveness.
However, its impact is contingent upon
contextual readiness and managerial
capability development.
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